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 This study examines the influence of AI Literacy and 

Prompting Skills on university students’ Critical Thinking 

Disposition in the context of Generative AI use in higher 

education. A quantitative cross-sectional survey design was 

employed. The population consisted of 354 students from 

the Educational System and Information Technology Study 

Program at Universitas Pendidikan Indonesia, with 188 

respondents selected using Slovin’s formula and purposive 

sampling. Data were collected through a closed-ended 

questionnaire using a five-point Likert scale to measure AI 

Literacy, Prompting Skills, and Critical Thinking 

Disposition. Data were analyzed using descriptive statistics 

and multiple linear regression after all classical assumptions 

were met. The results show that all variables are categorized 

at a high level. Partially, AI Literacy and Prompting Skills 

each have a positive and significant effect on Critical 

Thinking Disposition. Simultaneously, both variables 

explain 46.4 percent of the variance in students’ Critical 

Thinking Disposition. These findings indicate that students’ 

critical thinking disposition in the era of Generative AI is 

influenced by both conceptual understanding and technical 

competence in interacting with AI. Therefore, strengthening 

AI literacy and prompting skills should be integrated into 

higher education learning development strategies. 
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1. Introduction 

The development of digital technology in the 21st century has changed how people 

learn, work, and interact, making digital transformation a necessity in education. 

Higher education, as a link between education and societal needs, is one of the 

sectors most affected by digital learning ecosystems such as Learning Management 

Systems (LMS), online learning resources, and academic collaboration platforms 

(Tang et al., 2025; Islami et al., 2025). In this landscape of digital transformation, 

artificial intelligence (AI) has emerged as one of the key innovations driving change 

in the way lecturers and students design, access, and produce knowledge (Okoye et 

al., 2022). Among the various forms of AI, Generative AI (GenAI) is beginning to 
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occupy an important position due to its ability to generate text, images, and other 

content that resembles human work. The presence of Generative AI in higher 

education not only changes the way students access information, but also influences 

their thought processes, decision-making, and academic knowledge production 

(Kasneci et al., 2023; Dwivedi et al., 2023). 

The application of Generative AI has triggered significant changes in learning 

practices in higher education (Gea et al., 2025). This technology is no longer a 

prospective innovation, but a real part of students’ academic activities due to its 

perceived ease of use and usefulness (Ivanov et al., 2024; Vieriu & Petrea, 2025, 

Yusriani & Fithriani, 2025; Al Farizy et al., 2025; Amara et al., 2025). However, 

this widespread use also triggers differing views among academics regarding the 

influence of GenAI on learning quality and dynamics. On the one hand, GenAI is 

viewed positively as a tool that can enhance cognitive engagement (Liang et al., 

2023) and students' creative self-efficacy (Shah et al., 2025). On the other hand, 

there are significant concerns that AI could pose a serious threat to academic 

integrity (Dewantara & Dewi, 2025; Yusuf et al., 2024), particularly in relation to 

the risks of cognitive laziness and plagiarism, which ultimately raise fundamental 

questions about how this technology affects students' attitudes and willingness to 

think originally. A number of studies also warn that the use of Generative AI 

without adequate literacy and cognitive control has the potential to encourage 

academic dependence and reduce the quality of students' critical thinking (Cotton 

et al., 2024). 

Amidst the debate over the use of GenAI in higher education, critical thinking is 

seen as a core competency that must be maintained so that students do not simply 

accept AI answers, but are able to analyze and evaluate them reflectively against 

the information generated (Larson et al., 2024; Refaldi et al., 2024). Over-reliance 

on technology that is not properly managed has the potential to encourage cognitive 

offloading and weaken students' analytical acuity (Gerlich, 2025). In line with this, 

a systematic review also shows that over-reliance on AI dialogue systems can have 

an impact on the decline of essential cognitive abilities, including critical thinking 

and analytical reasoning, making the strengthening of literacy to critically evaluate 

AI output an important necessity in the educational environment (Zhai et al., 2024). 

Therefore, the use of AI needs to be understood through two main competencies: 

AI literacy, which is conceptual understanding and critical awareness of the 

implications and limitations of technology (Casal-Otero et al., 2023; Ng et al., 2021, 

Sukma & Hikmawan, 2026), and Prompting Skills, which is the technical ability to 

design and revise instructions so that AI produces meaningful responses (Cain, 

2024; Oppenlaender et al., 2025). However, research that explicitly tests the 

combined contribution of these two competencies to higher-order cognitive 

outcomes, particularly students' critical thinking dispositions, is still relatively 

limited. 

To date, research examining AI literacy and its relationship to critical thinking 

among students still shows a number of limitations. A systematic review of AI 

literacy in higher education indicates that AI literacy has been recognized as an 

essential competency, but most studies still focus on conceptual urgency and have 
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not yet tested its impact on higher-order cognitive outcomes (Aysya et al., 2025). 

In the Indonesian context, Sari et al. (2025) measured students' AI literacy through 

four main dimensions: awareness of AI; use of AI technology; evaluation of AI 

content and output; and ethics in the use of AI. However, the findings were limited 

to a descriptive overview without linking AI literacy to critical thinking 

dispositions. On the other hand, Lee and Palmer (2025), through a systematic 

review of prompt engineering in higher education, positioned prompt design skills 

as a new form of digital competence, but did not provide empirical evidence 

regarding the influence of these skills on student learning outcomes or cognitive 

dispositions. Meanwhile, Karakuş (2024) shows that critical thinking dispositions 

can be predicted by cognitive flexibility, but the variables examined are still general 

psychological ones and do not include specific competencies related to the use of 

GenAI. Therefore, there is still a research gap, namely the absence of studies that 

simultaneously model AI literacy and prompting skills as predictors of students' 

critical thinking dispositions in the context of GenAI utilization in higher education. 

To address this gap, the novelty of this research lies in the clear distinction between 

AI Literacy and Prompting Skills as two competencies that are operationalized and 

measured quantitatively, as well as in testing the simultaneous contribution of both 

to students' Critical Thinking Dispositionan approach that has not been widely 

adopted in studies of AI literacy, prompt engineering, and critical thinking 

disposition in higher education (Aysya et al., 2025; Karakuş, 2024; Lee & Palmer, 

2025; Sari et al., 2025). Based on this context, this study explicitly aims to analyze 

the partial and simultaneous effects of AI literacy and prompting skills on the 

critical thinking disposition of students utilizing Generative AI. 

 

2. Methodology 

 

This study uses a quantitative approach with a cross-sectional survey design. The 

research population includes all students of the Information Systems and 

Technology Education Study Program (PSTI), Indonesia University of Education 

(UPI), UPI Campus in Purwakarta, who actively use Generative AI technology, 

with a total of 354 students. PSTI students come from various batches and have 

academic backgrounds in educational technology, so they are accustomed to using 

Learning Management Systems, online learning resources, and AI-based tools in 

their academic activities. To determine the sample size, this study used the Slovin 

formula, which is commonly used in quantitative research to calculate the Slovin 

sample size with a certain margin of error (Riyanto, 2022). Using the Slovin 

formula as follows 𝑛 =  
𝑁

1 + 𝑁 (𝑒)2
 . The Slovin formula with a margin of error of 5% 

is used to determine the minimum sample size (n) from a population (N) so that the 

research estimation results have a maximum error rate of 5% against the actual 

population parameters.  Sampling was conducted using purposive sampling 

techniques to ensure that respondents had relevant experience in using AI tools. 

Data collection was conducted using a closed-ended questionnaire with a five-point 

Likert scale. The instrument consisted of 30 statements adapted from indicators 
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from various recent studies. The AI literacy variable was measured using 10 

statements developed from a conceptual and ethical understanding framework 

(Chiu et al., 2024; Kong et al., 2024; Yim, 2024). The Prompting Skills variable 

refers to the technical aspects of instruction formulation (Lee & Palmer, 2025; 

Oppenlaender, 2025; Walter, 2024). Meanwhile, the Critical Thinking Disposition 

instrument was constructed based on evaluative and analytical indicators (Liu et al., 

2021; Zhai & Zhang, 2023). Before distribution, the instruments underwent Pearson 

Product Moment validity testing and Cronbach's Alpha reliability testing. Based on 

the criteria proposed by Riyanto (2022), an instrument is considered reliable if it 

has an Alpha coefficient > 0.60, and the results of the pilot test in this study showed 

that all variables had an Alpha value > 0.90 (Very Reliable). 

Upon confirming the high validity and reliability of the research instruments, the 

collected data were subsequently processed and analyzed using IBM SPSS software 

version 26.0. The analytical procedure was systematically carried out in several 

stages, beginning with descriptive statistics to map the general profile and 

categorization of the respondents' scores across the three main variables. Following 

this, a series of classical prerequisite tests encompassing normality, linearity, 

multicollinearity, and heteroscedasticity were strictly conducted. These prerequisite 

evaluations are mandatory to ensure that the dataset completely fulfills the 

foundational regression assumptions required for parametric testing (Riyanto, 

2022). Once all statistical assumptions were demonstrably met, the final hypothesis 

testing was conducted using multiple linear regression analysis. This specific 

analytical approach was chosen to rigorously evaluate the predictive power of the 

model, enabling the researchers to measure both the simultaneous contribution (F-

test) of AI literacy and prompting skills, and their individual partial effects (t-test) 

on the students' critical thinking disposition. 

 

 

3.       Results and Discussion 

 

This section presents the results of data analysis compiled in accordance with the 

research problem formulation, including descriptive statistics, regression 

prerequisite tests, and hypothesis testing regarding the influence of AI Literacy and 

Prompting Skills on students' Critical Thinking Disposition. This study involved 

188 students as respondents selected through purposive sampling. The data 

obtained from the questionnaire was then analyzed descriptively to determine the 

statistical profile of the variables of AI Literacy (X₁), Prompting Skills (X₂), and 

Critical Thinking Disposition (Y). An overview of the research data is presented in 

Table 1. 

Table 1. Descriptive Statistics 

Variable N Mean Std. 

Deviation 

Minimum Maximum General 

Category 

AI Literacy  188 39,76 5,969 18 50 Height 

Prompting Skills  188 38,98 5,598 15 50 Height 

Critical Thinking 

Disposition 

 188 43,02 5,673 21 50 Height 
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Based on the descriptive statistics in Table 1, the three research variables show 

average scores in the high category within the theoretical range of 10–50. 

Descriptively, the results of the study show that students' AI literacy, prompting 

skills, and critical thinking dispositions are in the high category. This finding is 

interesting when linked to the context of GenAI utilization, which is now 

increasingly widespread in higher education as described in the introduction, where 

GenAI is seen as both an opportunity and a challenge for the learning process (Gea 

et al., 2025; Ivanov et al., 2024; Vieriu & Petrea, 2025). Amid concerns about the 

potential decline in academic integrity and the increase in plagiarism in the use of 

GenAI (Dewantara & Dewi, 2025; Yusuf et al., 2024), these descriptive results 

indicate that the research respondents are not passive users but have relatively good 

conceptual knowledge and reflective attitudes in interacting with AI. 

After obtaining a descriptive overview for each variable, the next step is to check 

whether the data used meets the prerequisites for regression analysis, particularly 

in relation to the distribution of scores. Linear regression requires that the data be 

normally distributed, so a normality test must be performed on the AI Literacy, 

Prompting Skills, and Critical Thinking Disposition scores. In this study, the check 

was performed using the Kolmogorov–Smirnov test at a significance level of 5%. 

The test results form the basis for assessing the suitability of using multiple linear 

regression in inferential analysis, and are summarized in Table 2. 

Table 2. Normality Test Results 

Variable N Test Statistic Asymp. Sig. 

Unstandardized Residual  188 0,047 0,200 

Based on the empirical analysis results presented in Table 2, a Kolmogorov-

Smirnov test statistic value of 0.047 was obtained , accompanied by a significance 

value (Asymp. Sig. 2-tailed) of 0.200. Given that the significance value obtained is 

substantially greater than the predetermined significance level of 0.05 (p > 0.05) , 

the null hypothesis which posits that the data follows a normal pattern is accepted. 

Consequently, it can be confidently concluded that the residual data in this study is 

normally distributed. This finding indicates that the distribution of errors between 

the predicted and actual values is symmetrical and not systematically skewed, 

which is a fundamental and non-negotiable requirement for parametric statistical 

procedures. With this crucial normality assumption robustly fulfilled, the dataset 

provides a solid statistical foundation, ensuring that the multiple linear regression 

analysis will yield valid, unbiased, and reliable estimations regarding the variables 

under investigation. Therefore, the regression model is declared methodologically 

suitable for use in further inferential analysis, allowing the research to smoothly 

proceed to the next phase of prerequisite evaluation, namely the linearity test. The 

detailed empirical results of this linearity test are presented in Table 3. 

Table 3. Linearity Test Results 

 Sum of Squares df Mean Square F Sig. 

X₁*Y  647,385 23 28,147 1,368 0,134 

X₂*Y  540,186 24 22,508 1,038 0,422 
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Following the confirmation of data normality, a linearity test was systematically 

conducted to ensure that the relationship between the independent variables (AI 

Literacy and Prompting Skills) and the dependent variable (Critical Thinking 

Disposition) could be strictly assumed to be linear. Establishing this linear 

relationship is a crucial prerequisite so that the use of multiple linear regression 

models remains statistically appropriate and can produce accurate predictive values. 

Based on Table 3, the Sig. Deviation from Linearity value for the relationship 

between AI Literacy (X₁) and Critical Thinking Disposition (Y) is 0.134, which is 

greater than 0.05. For the relationship between Prompting Skills (X₂) and Critical 

Thinking Disposition (Y), the Sig. Deviation from Linearity value is also above 

0.05, namely 0.422. Both results indicate that there is no significant deviation from 

the linear relationship between each independent variable and the dependent 

variable, thus fulfilling the assumption of linearity in the multiple regression model. 

A multicollinearity test was conducted to ensure that there was no strong correlation 

between the independent variables. The analysis results show that the Tolerance 

value is > 0.10 and the Variance Inflation Factor (VIF) value is < 10.00 for all 

variables, indicating that there is no multicollinearity. Meanwhile, the 

heteroscedasticity test was conducted using the Glejser test method by regressing 

the absolute residual value against the independent variable. This specific step is 

essential to confirm that the variance of the residuals remains constant 

(homoscedasticity), thereby preventing biased or inefficient estimations in the 

regression coefficients. The detailed results of the multicollinearity and 

heteroscedasticity tests are presented in Table 4. 

Table 4. Results of Multicollinearity and Heteroscedasticity Tests (Glejser Test) 

Variable Multicollinearity Heteroscedasticity 

 Tolerance VIF t Sig. 

AI Literacy (X₁) 0,832 1,202 -1,881 0,062 

Prompting Skills (X₂) 0,832 1,202 -1,972 0,051 

Based on the table above, the Tolerance value for the AI Literacy and Prompting 

Skills variables is 0.832 > 0.10 and the VIF value is 1,202 < 10.00. This indicates 

that there is no strong correlation between the independent variables, so the 

regression model is free from multicollinearity. Similarly, testing using the Glejser 

Test by regressing the absolute residual value against the independent variables, the 

analysis results show a significance value (Sig.) for the AI Literacy variable of 

0.062 and Prompting Skills of 0.051. Since both significance values are greater than 

0.05 (𝑝 > 0.05), it can be concluded that there is no heteroscedasticity problem in 

the regression model. After confirming that all classical prerequisite tests were fully 

met without any violations, multiple linear regression analysis was performed to 

systematically test the effect of the AI Literacy (X₁) and Prompting Skills (X₂) 

variables on students' Critical Thinking Disposition (Y). This comprehensive 

analysis aimed not only to develop a predictive regression equation and prove the 

partial hypothesis (the individual effect of each independent variable via the t-test), 

but also to evaluate the simultaneous contribution of both variables (via the F-test). 

Furthermore, this analytical step is crucial for determining the coefficient of 

determination, which reveals how much variance in the critical thinking disposition 
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can be explained by the formulated model. The detailed statistical results of the 

multiple linear regression analysis used to answer these research objectives are 

presented in Table 5. 

Table 5. Multiple Linear Regression Analysis Results 

Model Unstandardized Coefficients t Sig. 

 B Std. Error 

(Constant) 10,739 2,541 4,226 0,000 

AI Literacy (X₁) 0,413 0,058 7,062 0,000 

Prompting Skills (X₂) 0,407 0,059 6,839 0,000 

Based on Table 5, the multiple linear regression equation for the dependent variable 

Critical Thinking Disposition (Y) is as follows: Y = 10.739 + 0.413X₁ + 0.407X₂. 

The constant value of 10.739 represents the baseline value of Critical Thinking 

Disposition when the AI Literacy (X₁) and Prompting Skills (X₂) scores are 

theoretically at zero. The positive regression coefficients for both independent 

variables indicate that an increase in AI Literacy and Prompting Skills scores tends 

to be followed by an increase in Critical Thinking Disposition scores. Specifically, 

in response to the first research question, the partial test results show that AI 

Literacy (X₁) has a positive and significant effect on Critical Thinking Disposition. 

The unstandardized regression coefficient for AI Literacy is 0.413 with a t-value of 

7.062 and a significance value of p < 0.001, which is smaller than the significance 

level of 0.05 and accompanied by a t-value greater than the t-table (1.97). This 

condition indicates that the higher the AI Literacy of students, the higher their 

tendency to think critically. This finding suggests that students who possess 

stronger conceptual understanding, critical awareness, and ethical sensitivity 

regarding AI also tend to report stronger dispositions to analyze, evaluate, and 

reflect on information critically.  

These findings are in line with previous studies showing that strengthening AI 

literacy contributes positively to the development of students' evaluative and 

reflective abilities in technology-based learning (Rahman et al., 2024; Sari & 

Rosana, 2024). AI literacy in this context encompasses not only technical 

knowledge but also conceptual understanding and critical awareness of the ethical, 

social, and technological limitations of AI (Casal-Otero et al., 2023; Ng et al., 

2021). Such understanding may help students question, test, and evaluate GenAI 

outputs before accepting them as a basis for academic judgment or decision-

making, as emphasized by Larson et al. (2024) and Refaldi et al. (2024) in the 

context of AI-based higher education. Importantly, AI literacy shows a marginally 

larger coefficient than prompting skills (B = 0.407), which indicates that, in this 

model, AI literacy is the slightly more dominant variable. Although the difference 

is small, this pattern suggests that conceptual and critical understanding of AI may 

play a somewhat stronger role than technical interaction skills alone in relation to 

students’ critical thinking disposition. On the other hand, these findings reinforce 

the literature review that places AI literacy as an essential competency in higher 

education (Aysya et al., 2025), while complementing the research by Sari et al. 

(2025) mapping the level of AI literacy among Indonesian students, showing that 
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variations in AI literacy are associated with critical thinking disposition, not just 

with demographic characteristics and access to technology. 

Similarly, answering the second problem formulation, Prompting Skills (X₂) are 

also proven to have a positive and significant effect on Critical Thinking 

Disposition. The unstandardized regression coefficient for Prompting Skills is 

0.407 with a t-value of 6.839 and a significance value of p < 0.001, so that the p-

value is again smaller than 0.05 and the t-value exceeds the t-table (1.97). These 

findings indicate that improvements in students' ability to compose and manage 

prompts to GenAI are significantly related to improvements in their Critical 

Thinking Disposition. The process of composing, testing, and revising prompts 

requires students to clarify objectives, select relevant keywords and contexts, and 

assess the quality of responses generated by GenAI. This iterative activity is 

associated with increased cognitive engagement and creativity, which have 

previously been found in the use of GenAI (Liang et al., 2023; Shah et al., 2025), 

while also preventing students from simply accepting answers automatically. These 

findings provide empirical support for the view that prompting skills are a technical 

competency that determines the depth of interaction with AI (Cain, 2024; 

Oppenlaender et al., 2025), and confirm the findings of Lee and Palmer (2025), who 

position prompt engineering as a new digital competency that needs to be taught in 

higher education, although they simultaneously highlight the limited quantitative 

evidence regarding its impact on learning outcomes and critical thinking skills. 

Thus, prompting skills should not be understood merely as an operational ability to 

use AI tools, but also as a strategic form of interaction that is empirically related to 

students’ tendency to engage more reflectively and analytically with GenAI 

outputs. Furthermore, the explanatory power of the regression model was evaluated 

using the coefficient of determination (R²), the results of which are presented in 

Table 6. 

Table 6. Results of The Coefficient of Determination (R2) Test Analysis 

Model R R Square Adjusted R 

Square 

Std. Error 

 

1 0,685 0,469 0,464 4,155 

In response to the third research question, the results of the coefficient of 

determination analysis in Table 6 show that the regression model containing AI 

Literacy (X₁) and Prompting Skills (X₂) is able to explain 46.4% of the variation in 

students' Critical Thinking Disposition (Adjusted R² = 0.464), while the remaining 

53.6% is influenced by other factors outside the model under study. Simultaneous 

testing through the F test in Table 7 produced an Fcount value of 81.825 with a 

significance of p < 0.001, which means that the Fcount value is much greater than the 

Ftable value of 3.04 at degrees of freedom df₁ = 2 and df₂ = 185 and a p value of less 

than 0.05. Thus, the third hypothesis can be accepted, so it can be concluded that 

AI Literacy and Prompting Skills together have a positive and significant effect on 

students' Critical Thinking Disposition. 

These results indicate that these two competencies work complementarily in 

shaping how students use and interpret GenAI in the learning process. AI literacy 
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helps students understand the potential and limitations of GenAI so that they are 

more sensitive to the risks of cognitive laziness and the dulling of analytical abilities 

that are widely feared in the literature on cognitive offloading (Gerlich, 2025), while 

prompting skills enable them to direct their interactions with GenAI to stimulate 

analysis and reflection, rather than simply copying answers. Thus, these findings 

provide nuance to the debate raised in the introduction: among students with 

stronger AI literacy and prompting skills, GenAI may be more likely to function as 

a thinking partner that supports reflective engagement (Larson et al., 2024) rather 

than being used in ways that may weaken active thinking. At the same time, the 

remaining 53.6% of unexplained variance indicates that critical thinking disposition 

is also likely influenced by other factors not included in the present model, such as 

self-regulated learning, cognitive flexibility, academic motivation, academic 

integrity orientation, prior digital experience, or broader learning-context variables. 

Therefore, AI literacy and prompting skills should be interpreted as important 

associated variables, but not as the sole determinants of students’ critical thinking 

disposition. The findings of this study also expand on previous research on the 

determinants of critical thinking disposition. Karakuş (2024) showed that cognitive 

flexibility plays an important role in explaining variations in students' critical 

thinking disposition, while this study adds that specific competencies related to the 

use of GenAI, namely AI literacy and prompting skills, also make a significant 

contribution. More importantly, the present findings suggest that conceptual 

competence in understanding AI and technical competence in interacting with AI 

work in a complementary manner in relation to students’ critical thinking 

disposition. This complementary pattern is important for higher education because 

it implies that students need not only access to AI tools, but also the conceptual, 

evaluative, and strategic capacities required to use such tools critically and 

responsibly. The practical implication of these findings is the need for higher 

education to explicitly integrate the strengthening of AI literacy and prompting 

skills into the curriculum and learning practices, in line with recommendations for 

the development of AI literacy and competencies in higher education (Aysya et al., 

2025; Lee & Palmer, 2025). 

Nevertheless, these findings need to be interpreted cautiously in light of the 

limitations of the study design. First, because this study employed a cross-sectional 

design, the results do not provide sufficient basis for drawing strong causal 

conclusions. Accordingly, the relationships identified in this study should be 

interpreted as associative or correlational rather than causal. In other words, 

although students with higher AI literacy and prompting skills tend to report higher 

critical thinking disposition, the present data do not establish that AI literacy or 

prompting skills directly cause an increase in critical thinking disposition. It is 

equally plausible that students who already have stronger critical thinking 

disposition are more likely to develop better AI literacy and prompting practices, 

or that the relationship may be reciprocal. Second, the use of self-report 

questionnaires as the sole source of data may introduce bias that affects the validity 

of the findings. Because AI literacy, prompting skills, and critical thinking 

disposition were all measured through respondents’ self-perceptions, the results 

may be influenced by social desirability bias, self-enhancement bias, or 

respondents’ tendency to overestimate their actual competence in using AI. In 
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addition, measuring all variables using the same method raises the possibility of 

common method bias, which may strengthen the observed associations among 

variables. Therefore, the findings of this study are more accurately interpreted as 

reflecting perceived competencies and dispositions rather than directly observed 

performance. Third, the sample was limited to students from one study program, 

which may restrict the broader generalizability of the findings. For this reason, 

caution is needed in extending these results to students from other disciplinary, 

institutional, or cultural contexts without further empirical confirmation. Future 

research could address these limitations by employing longitudinal or experimental 

designs in order to examine the direction of the relationships more rigorously. In 

addition, future studies could incorporate other relevant variables, such as self-

regulated learning, academic integrity, cognitive flexibility, or learning 

environment, to explain the remaining variance in critical thinking disposition more 

comprehensively. The inclusion of performance-based assessments, prompt-quality 

analysis, classroom observation, or mixed-method approaches would also 

strengthen the robustness of the findings by reducing dependence on self-report data 

alone. 

Overall, this study confirms that AI literacy and prompting skills are both 

significant and meaningful variables associated with students’ critical thinking 

disposition in the context of GenAI use in higher education. However, their 

contribution should be understood within an inferential and non-causal framework: 

they are important correlates of critical thinking disposition, not definitive causal 

determinants. Therefore, the main practical implication of this study is that higher 

education institutions should develop AI literacy and prompting skills as 

complementary competencies that support students’ reflective, analytical, and 

responsible engagement with GenAI. 

4.     Conclusion 

 

This study concludes that the student respondents possess high levels of AI literacy, 

prompting skills, and critical thinking dispositions, indicating their readiness to 

interact with GenAI in an academic context. Partially, AI Literacy was proven to 

have a positive and significant effect on Critical Thinking Disposition, meaning that 

the better the conceptual understanding and critical awareness of AI, the stronger 

the tendency for students to think critically. Prompting Skills also had a positive 

and significant effect on Critical Thinking Disposition, meaning that the ability to 

design, modify, and evaluate prompts to GenAI contributed to strengthening 

students' tendency to reflectively examine and question information. 

Simultaneously, both variables contribute significantly to variations in Critical 

Thinking Disposition, thus confirming that efforts to develop AI literacy and 

prompting skills need to be positioned as an integral part of higher education 

strategies to maintain and strengthen students' critical thinking disposition amid the 

increasing use of GenAI in the learning process. 
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